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Accuracy e o

Ref. Model (%) (Mean ) Sensitivity Speci city
[38] | ResNet18 | 9600113 9476282 97:232:02
[19] HistoTNet 9723115 97:54.9> 96.92.43
HistoTNet 98:311.91 98:153:34 98:461.09

[32] ALLNet 97:85:58 98:46,:54 97:23-01
ALLNet 98:460-g4 97:85,.75 99:08;.33

[9] OrthoALLNet 98:46¢.97 99:08y:84 97:85).33
OrthoALLNet 98.62y.90 97:855.06 99:38¢:34

9974



True

Predicted

99:91%

0: nothing |1: normal |2: lymph. (1) |3: lymph. (2)
0: nothing 3333% 0 % 0 % 0 %
1: normal 0 % 33.07% 0 % 0:25%
2: lymph. (1) 0 % 0 % 1871% 0 %
3: lymph. (2) 0 % 0 % 0 % 14:64%
9920
97.32
99.00% 0:91%
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OrthoALLNet 9591951
96.069.7g

Ref. ‘ Model Sensitivity Speci city

[l ‘ OrthoALLNet

Accuracy e .
Ref. ‘ Model (%) (Mean ) Sensitivity  Speci city
[10] ResNet18 95:9%:16 90:941 33 98:350:54
VIiT 97:10y:38 94:004.09 98:54¢.95
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[52] | Custom CNN | 9991
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https://developer.nvidia.com/blog/
whole-slide-image-analysis-in-real-time-with-monai-and-rapids/

https://docs.openvino.ai/2024/index.html#



